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« Various Applications
Finance/Supply Chain Risk Management
Biology Data - Image, Bio Profiling

Manufacturing - Vision Inspection, FDC Data Analysis
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Stat/ML/DL Methods Applications

Variational Autoencoders (VAE) — How to work Bio-pathology Manufacturing
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Graph Risk Contagion Neural Networks
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Cancel Cell Recognition & Detection

Morphological Representation Learning
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Reference-Guided GAN
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